5544255 6 ) H BRI AR
202446 H Journal of Nanjing Medical University (Natural Sciences ) * 797 -

o W& RAT I
FREF I AR TSE-T2WI ZE2AFE MRI 8 FHINE

KM, B F TR, L A, TES
R ERIR S — MBS BE U AR VL5 FRC 210029

¢

[ ZE] B8 R TRE 2 E# (deep learning reconstruction, DLR) H AR FIHE H JiE [ 3 (turbo spin echo, TSE)T2 fIIAL
FRAZ (T2 weighted imaging, T2W D /5> 51 = B T2 W EMG 5 5 A9k /D S 1 B 1) (RO S FARB . 7 5 = iR PR WL 4 35 Bl 9\ K s 72
1) 8 AT AR 5 L T2WTE SRR DLR (6 T2WITCT2 W) 780309 1R 2 700 ARHEE 2% B S %o 93 20 EUR IV B s R
TE T RE AT (RO S s R AR PR R AT o MRV 43, DU 0 Ll A 9 2H P IR A5 M L (SNR ) AT AL 5 B B L XoF L
W 75 L (CCNR i) o 285 5R  T2W Lo PE D5« BRI BB FE 993 LR 2015 S/ AR BRGS0 VP o 3 A T B T2 WP 4 < 0.001) .
T2WIDLR 541 FI % ) SNR FIl CNR 48 T35 B T2WI1 /541 (P < 0.001) . £538: 58 ML T2WLFF FIA B, T2W L /5 51 11132 5 1
SR D RGBT 9 ek 4075 S 73 R RS AR PR 5 5 B SR, R SNRORIT CINR B2 iy, 7R SR 295 1A 1 PR S Hh AT SR 7
[RSEIR] OB TR 5% s MEILHR RS s ikt [ g [l 3¢

[(FESZES] R4452 [ZEiRERE] A [XEHE] 1007-4368(2024)06-797-05
doi: 10.7655/NYDXBNSN240075

Application value of TSE-T2WI based on deep learning technique in mediastinum MRI

scanning
WU Pengfei, XU Hai, LI Hongyuan, SHEN Jie, WANG Jianwei’
Department of Radiology,the First Affiliated Hospital of Nanjing Medical University, Nanjing 210029, China

[Abstract] Objective: To explore the application value of the turbo spin echo (TSE) T2-weighted imaging based on deep learning
reconstruction (DLR) technology in improving mediastinum image quality and reducing scanning time. Methods: 35 patients with
mediastinal lesions were prospectively collected for mediastinal conventional T2WI and DLR -based T2WI scanning. The artifacts,
image clarity, display of the detail of the lesion and overall image quality of the two groups were qualitatively scored by two
radiologists independently. The signal-to-noise ratio of the lesion (SNR\..,) and the contrast to noise ratio of the lesion to vertical
muscle (CNR onmede) of the two groups of images were measured and compared. Results: Qualitative analysis: T2W Iy was superior to
conventional T2WT in the scores of artifact, image sharpness, display of the detail of the lesion, and overall image quality (P < 0.001).
Quantitative analysis: The SNR and CNR of the image of T2Wlyx sequence were better than those of conventional T2WI(P < 0.001).
Conclusion: Compared with conventional T2WI sequences, T2Wlp: sequence has fewer motion artifacts, better image clarity, lesion
detail display and overall image quality, and higher SNR and CNR, which has great potential in clinical application of mediastinal
diseases.
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A, B: Comparison of image quality of the two sequences of case 1. There were fewer artifact and noise on the image of the T2W1yx sequence (B)

than those of conventional T2WI(A). The image clarity and overall image quality of T2W1I;(B) were better than those of T2WI sequence(A). C,D: Compari-

son of image quality of the two sequences of case 2. The ability of T2WIx(D) to display lesion details was better than that of conventional T2WI(C).
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Figure 1 Comparison of image quality between T2WI and T2WIy.x
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Table 1 Comparison of T2WI and T2WI,,.. images by Likert scale LM (Pas, P+5) ]
Subjective evaluation index T2WI(n=35) T2Wlne(n=35) P
Artifact 3(3,4) 4(3,4) <0.001
Image clarity 4(4,5) 5(4,5) <0.001
Display of the detail of the lesion 4(4,4) 5(4,5) <0.001
Overall image quality 4(4,4) 5(4,5) <0.001
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Table 2 Quantitative comparison between T2WI and T2WI,,.x images [M(Pss, Pr5) ]

Quantitative evaluation index T2WI1(n=35) T2Wlp(n=35) P

SNRcsion 114.50(58.18,152.14) 148.33(90.53,282.00) <0.001
CNR csionmuscte 81.00(30.00, 108.26) 86.67(48.89,200.00) <0.001
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