P A BE AR 224 CH AR B2 50O 5 44 555 8 Y]
<1174 - Journal of Nanjing Medical University (Natural Sciences ) 202448 H

ET CTEIGRMAREFIEEHNIKRKERIN HAR

BRR, FBR, TP
P R RO E R H N 3 A RERBE/ A M RL TLT5 %N 213003

[ Z] F3NMKKE (aortic dissection, AD)E—FIEIR L UK SURE, DUl R HEI 2B B R R AD BE TS, BA—%
PPk . ITAER, 36T CT BME IR FE 2 I AE 4R Bh AD 236 J5 TRV S A H 2638 22, JCILAE AD [R50 2081 DLS TR A8 2 TS
J7 1, A AD FIIG RIS IR Bk et T EEANE . S 7 R IR I CT BURIIR FE 24 2 A6 AD MR, ARG i g 5 )
W H RTERIE 2% 278 ADA2IA H 0 R A TE 10 1) B RV TR AR SR s

[RBEIR] 300K Je )25 IREES 2T CT

[FESES] R814.42 [ZEkFRERE] A [XEHS] 1007-4368(2024)08-1174-05
doi: 10.7655/NYDXBNSN240292

The application progress of deep learning based on CT images in aortic dissection
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[Abstract] Aortic dissection (AD) is a critical emergency, where rapid and accurate diagnosis and treatment significantly influence
the prognosis of AD patients. However, achieving such precise and swift diagnosis and treatment poses substantial challenges. In recent
years, the application of deep learning based on CT images in assisting the diagnosis and treatment of AD has increasingly gained
prominence; particularly in the identification, segmentation, and prediction of patient outcomes, thereby offering significant value for
clinical decision-making in AD management. To better understand the application of deep learning based on CT images in AD), this
review will summarize and discuss the current applications, existing challenges, and potential optimization strategies of deep learning
in the diagnosis and treatment of AD.
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